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ABSTRACT

Previous research has shown that MP3 compression changes
the similarities of musical instruments, while other research
has shown that musical instrument sounds have strong emo-
tional characteristics. This paper investigates the effect
of MP3 compression on music emotion. We conducted
listening tests to compare the effect of MP3 compression
on the emotional characteristics of eight sustained instru-
ment sounds. We compared the compressed sounds pair-
wise over ten emotional categories. The results show that
MP3 compression strengthened the emotional characteris-
tics Sad, Scary, Shy, and Mysterious, and weakened Happy,
Heroic, Romantic, Comic, and Calm. Interestingly, Angry
was relatively unaffected by MP3 compression.

1. INTRODUCTION

Though most listeners know that extreme MP3 compres-
sion degrades audio quality, many are willing to compro-
mise quality for convenience. This is reflected to the cur-
rent portable music consumption trend where consumers
are using internet music streaming services more frequently
than buying CDs or downloads [1]. Major streaming ser-
vices use MP3 compression.

As previous research has shown that musical instrument
sounds have strong and distinctive emotional characteris-
tics [2, 3, 4, 5, 6], it would be interesting to know how
MP3 compression affects the emotional characteristics of
musical instruments. In particular, we will address the fol-
lowing questions: What are the emotional effects of MP3
compression? Do all emotional characteristics decrease
about equally with more compression? Which emotional
characteristics increase or decrease with more compres-
sion? Which emotional characteristics are unaffected by
more compression? Which instruments change the most
and least with more compression?

Copyright: c©2016 Ronald Mo et al. This is an open-access article dis-
tributed under the terms of the Creative Commons Attribution License 3.0
Unported, which permits unrestricted use, distribution, and reproduction
in any medium, provided the original author and source are credited.

2. BACKGROUND

2.1 MP3 Compression

MP3 compression reduces the size of audio files by dis-
carding less audible parts of the sound. When an instru-
ment sound is encoded using an MP3 codec, due to the
lossy nature of MP3 compression, the sound is altered. The
perceptual quality of lossy compression is a longstanding
subject of digital audio research. Zwicker found a number
of characteristics of the human auditory system including
simultaneous masking and temporal masking formed a part
of the psychoacoustic model of MP3 encoders [7]. Van de
Par and Kohlrausch proposed a number of methods to eval-
uate different audio compression codecs [8].

Various studies have investigated the perceptual artifacts
generated by low bit rate audio codecs. Erne produced
a CD-ROM that demonstrates some of the most common
coding artifacts in low bit rate codecs. They explained and
presented audio examples for each of the coding artifacts
separately using different degrees of distortion [9]. Chang
et al. constructed models of the audible artifacts gener-
ated by temporal noise shaping and spectral band replica-
tion, which are far more difficult to model using existing
encoding systems [10]. Marins carried out a series of ex-
periments aiming to identify the salient dimensions of the
perceptual artifacts generated by low bit rate spatial audio
codecs [11].

Previous studies have also subjectively evaluated the per-
ceptual quality loss in MP3 compression [12, 13, 14, 15].
A recent study evaluated the discrimination of musical in-
strument tones after MP3 compression using various bit
rates [16]. A following study [17] compared dissimilar-
ity scores for instrument tone pairs after MP3 compression
to determine whether instrument tones sound more or less
similar after MP3 compression, and found that MP3 can
change the timbre of musical instruments.

2.2 Music Emotion and Timbre

Researchers have considered music emotion and timbre to-
gether in a number of studies, which are well-summarized
in [6].
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3. METHODOLOGY

3.1 Overview

We conducted listening tests to compare pairs of origi-
nal and compressed instrument sounds over different emo-
tional categories. Paired comparisons were chosen for sim-
plicity. This section gives further details about the listening
test.

3.2 Listening Test

We used eight sustained instrument sounds: bassoon (bs),
clarinet (cl), flute (fl), horn (hn), oboe (ob), saxophone
(sx), trumpet (tp), and violin (vn). The sustained instru-
ments are nearly harmonic, and the chosen sounds had fun-
damental frequencies close to Eb4 (311.1 Hz). All eight
instrument sounds were also used by a number of other
timbre studies [16, 17, 18, 19, 20, 21, 22, 23, 24]. Using
the same samples makes it easier to compare results.

Compressed sounds were encoded and decoded using the
LAME MP3 encoder [25]. Instrument sounds were com-
pressed with three different bit rates (32, 56, and 112 Kbps).
These three bit rates gave near-perfect (for 32 Kbps), in-
termediate (for 56 Kbps), and near-random discrimination
(for 112 Kbps) in a previous discrimination study of these
MP3-compressed musical instrument sounds [16].

The subjects compared the stimuli in terms of ten emo-
tional categories: Happy, Heroic, Romantic, Comic, Calm,
Mysterious, Shy, Angry, Scary, and Sad. We carefully
picked the emotional categories based on terms we felt
composers were likely to write as expression marks for
performers (e.g., mysteriously, shyly, etc.) and at the same
time would be readily understood by lay people. The sub-
jects were provided with an instruction sheet containing
definitions of the ten emotional categories from the Cam-
bridge Academic Content Dictionary [26]. Every subject
made paired comparisons between the sounds.

The test asked listeners to compare four types of com-
pressed sounds for each instrument over ten emotion cate-
gories. During each trial, subjects heard a pair of sounds
from the same instrument with different types of compres-
sion (no compression, 112Kbps, 54Kbps, and 32Kbps) and
were prompted to choose which sounded stronger for given
emotional characteristics. This method was chosen for sim-
plicity of comparison, since subjects only needed to re-
member two sounds for each comparison and make a bi-
nary decision. This required minimal memory from the
subjects, and allowed them to give more instantaneous re-
sponses [19, 4, 27].

Each combination of two different compressions was pre-
sented for each instrument and emotion category, and the
listening test totaled P 4

2 ⇥8⇥10 = 960 trials. For each in-
strument, the overall trial presentation order was random-
ized (i.e., all combinations of compressed bassoon sounds
were in a random order, then all the clarinet comparisons,
etc.). However, the emotional categories were presented in
order to avoid confusing and fatiguing the subjects. The
listening test took about 2 hours, with a short break of 5
minutes after every 30 minutes to help minimize listener
fatigue and maintain consistency.

4. RANKING RESULTS FOR THE EMOTIONAL
CHARACTERISTICS WITH DIFFERENT OF MP3

BIT RATES

We ranked the compressed sounds by the number of pos-
itive votes they received for each instrument and emotion,
and derived scale values using the Bradley-Terry-Luce (BTL)
statistical model [28, 29]. For each instrument-emotion
pair, the BTL scale values for the original and three com-
pressed sounds sum to 1. The BTL value for each sound
is the probability that listeners will choose that compres-
sion rate when considering a certain instrument and emo-
tion category. For example, if all four sounds (the original
and three compressed sounds) are judged equally happy,
the BTL scale values would be 1/4=0.25. We also de-
rived the corresponding 95% confidence intervals for the
compressed sounds using the method proposed by Bradley
[28].

Fig. 1 to 6 show the BTL values and corresponding 95%
confidence intervals for each emotional category. Based
on the data in Fig. 1 - 6, Table 1 shows the number of
instruments that were significantly different from the orig-
inal sound (i.e., the 95% confidence intervals of the origi-
nal and compressed sounds did not overlap) for each com-
pression rate and emotional category. The table shows that
there were relatively few differences for 112 and 56Kbps,
but most of the instruments were significantly different for
32Kbps in nearly every category. This agrees with the
results of Lee et al. [16], which found very good dis-
crimination between the original and compressed sounds
at 32Kbps, but poor discrimination at 56 and 112Kbps.

To help understand which instruments and emotional cat-
egories were most and least affected by MP3 compression,
Table 2 shows the number of compressed sounds that were
significantly different from the original sound for each in-
strument and emotional category. Based on the data, the
clarinet was the most affected instrument (closely followed
by the oboe and saxophone), while the horn was by far
the least affected instrument. Lee et al. [16] also found
the MP3-compressed horn relatively more difficult to dis-
criminate from the original compared to other instruments.
Among emotional categories in Table 2, Happy and Calm
were the most affected, and Angry was by far the least af-
fected.

Fig. 7 shows how often the original instruments sounds
were statistically significantly greater than the three com-
pressed sounds (This is different than the sum in the fi-
nal column of Table 2 which counts any significant dif-
ference - both those significantly greater and those signif-
icantly less). Positive values indicate an increase in the
emotional characteristics, and negative values a decrease.
Again, Happy and Calm were the most affected emotional
characteristics. Emotional categories with larger Valence
(e.g., Happy, Heroic, Romantic, Comic, Calm) tended to
decrease with more MP3 compression, while emotional
categories with smaller Valence (e.g., Sad, Scary, Shy, Mys-
terious) tended to increase with more MP3 compression.
As an exception, Angry was relatively unaffected by MP3
compression for the compression rates we tested.
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Figure 1. BTL scale values and the corresponding 95% confidence intervals for the emotional category Happy.

Figure 2. BTL scale values and the corresponding 95% confidence intervals for Romantic.

Figure 3. BTL scale values and the corresponding 95% confidence intervals for Calm.

Figure 4. BTL scale values and the corresponding 95% confidence intervals for Mysterious.

Proceedings of the International Computer Music Conference 2016 414413

sameria
Text Box
  412



3. METHODOLOGY

3.1 Overview

We conducted listening tests to compare pairs of origi-
nal and compressed instrument sounds over different emo-
tional categories. Paired comparisons were chosen for sim-
plicity. This section gives further details about the listening
test.

3.2 Listening Test

We used eight sustained instrument sounds: bassoon (bs),
clarinet (cl), flute (fl), horn (hn), oboe (ob), saxophone
(sx), trumpet (tp), and violin (vn). The sustained instru-
ments are nearly harmonic, and the chosen sounds had fun-
damental frequencies close to Eb4 (311.1 Hz). All eight
instrument sounds were also used by a number of other
timbre studies [16, 17, 18, 19, 20, 21, 22, 23, 24]. Using
the same samples makes it easier to compare results.

Compressed sounds were encoded and decoded using the
LAME MP3 encoder [25]. Instrument sounds were com-
pressed with three different bit rates (32, 56, and 112 Kbps).
These three bit rates gave near-perfect (for 32 Kbps), in-
termediate (for 56 Kbps), and near-random discrimination
(for 112 Kbps) in a previous discrimination study of these
MP3-compressed musical instrument sounds [16].

The subjects compared the stimuli in terms of ten emo-
tional categories: Happy, Heroic, Romantic, Comic, Calm,
Mysterious, Shy, Angry, Scary, and Sad. We carefully
picked the emotional categories based on terms we felt
composers were likely to write as expression marks for
performers (e.g., mysteriously, shyly, etc.) and at the same
time would be readily understood by lay people. The sub-
jects were provided with an instruction sheet containing
definitions of the ten emotional categories from the Cam-
bridge Academic Content Dictionary [26]. Every subject
made paired comparisons between the sounds.

The test asked listeners to compare four types of com-
pressed sounds for each instrument over ten emotion cate-
gories. During each trial, subjects heard a pair of sounds
from the same instrument with different types of compres-
sion (no compression, 112Kbps, 54Kbps, and 32Kbps) and
were prompted to choose which sounded stronger for given
emotional characteristics. This method was chosen for sim-
plicity of comparison, since subjects only needed to re-
member two sounds for each comparison and make a bi-
nary decision. This required minimal memory from the
subjects, and allowed them to give more instantaneous re-
sponses [19, 4, 27].

Each combination of two different compressions was pre-
sented for each instrument and emotion category, and the
listening test totaled P 4

2 ⇥8⇥10 = 960 trials. For each in-
strument, the overall trial presentation order was random-
ized (i.e., all combinations of compressed bassoon sounds
were in a random order, then all the clarinet comparisons,
etc.). However, the emotional categories were presented in
order to avoid confusing and fatiguing the subjects. The
listening test took about 2 hours, with a short break of 5
minutes after every 30 minutes to help minimize listener
fatigue and maintain consistency.

4. RANKING RESULTS FOR THE EMOTIONAL
CHARACTERISTICS WITH DIFFERENT OF MP3

BIT RATES

We ranked the compressed sounds by the number of pos-
itive votes they received for each instrument and emotion,
and derived scale values using the Bradley-Terry-Luce (BTL)
statistical model [28, 29]. For each instrument-emotion
pair, the BTL scale values for the original and three com-
pressed sounds sum to 1. The BTL value for each sound
is the probability that listeners will choose that compres-
sion rate when considering a certain instrument and emo-
tion category. For example, if all four sounds (the original
and three compressed sounds) are judged equally happy,
the BTL scale values would be 1/4=0.25. We also de-
rived the corresponding 95% confidence intervals for the
compressed sounds using the method proposed by Bradley
[28].

Fig. 1 to 6 show the BTL values and corresponding 95%
confidence intervals for each emotional category. Based
on the data in Fig. 1 - 6, Table 1 shows the number of
instruments that were significantly different from the orig-
inal sound (i.e., the 95% confidence intervals of the origi-
nal and compressed sounds did not overlap) for each com-
pression rate and emotional category. The table shows that
there were relatively few differences for 112 and 56Kbps,
but most of the instruments were significantly different for
32Kbps in nearly every category. This agrees with the
results of Lee et al. [16], which found very good dis-
crimination between the original and compressed sounds
at 32Kbps, but poor discrimination at 56 and 112Kbps.

To help understand which instruments and emotional cat-
egories were most and least affected by MP3 compression,
Table 2 shows the number of compressed sounds that were
significantly different from the original sound for each in-
strument and emotional category. Based on the data, the
clarinet was the most affected instrument (closely followed
by the oboe and saxophone), while the horn was by far
the least affected instrument. Lee et al. [16] also found
the MP3-compressed horn relatively more difficult to dis-
criminate from the original compared to other instruments.
Among emotional categories in Table 2, Happy and Calm
were the most affected, and Angry was by far the least af-
fected.

Fig. 7 shows how often the original instruments sounds
were statistically significantly greater than the three com-
pressed sounds (This is different than the sum in the fi-
nal column of Table 2 which counts any significant dif-
ference - both those significantly greater and those signif-
icantly less). Positive values indicate an increase in the
emotional characteristics, and negative values a decrease.
Again, Happy and Calm were the most affected emotional
characteristics. Emotional categories with larger Valence
(e.g., Happy, Heroic, Romantic, Comic, Calm) tended to
decrease with more MP3 compression, while emotional
categories with smaller Valence (e.g., Sad, Scary, Shy, Mys-
terious) tended to increase with more MP3 compression.
As an exception, Angry was relatively unaffected by MP3
compression for the compression rates we tested.

Proceedings of the International Computer Music Conference 2016

Figure 1. BTL scale values and the corresponding 95% confidence intervals for the emotional category Happy.

Figure 2. BTL scale values and the corresponding 95% confidence intervals for Romantic.

Figure 3. BTL scale values and the corresponding 95% confidence intervals for Calm.

Figure 4. BTL scale values and the corresponding 95% confidence intervals for Mysterious.
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5. DISCUSSION

The goal of our work was to understand how emotional
characteristics of instruments vary with MP3 compression.
Based on the Table 2 and Figure 7, our main findings are
as follows:

1. Negative and neutral emotional characteristics (Sad,
Scary, Shy, and Mysterious) increased with more MP3
compression in the samples we tested (see Figure 7).

2. Positive emotional characteristics (Happy, Heroic,
Romantic, Comic, and Calm) decreased with more
MP3 compression in the samples we tested (see Fig-
ure 7).

3. Angry was relatively unaffected by MP3 compres-
sion for the rates we tested (see Figure 7).

4. MP3 compression affected some instruments more
and others less. The clarinet, oboe, and saxophone
were most affected, and the horn by far the least af-
fected (see Table 2).

As a possible explanation for these results, perhaps quan-
tization jitter introduced into the amplitude envelopes by
MP3 compression decreased positive emotional character-
istics such as Happy and Calm while increasing others such
as Mysterious by changing the quality of sounds to be some-
what different and unnatural. The above results demon-
strate how a categorical emotional model can give more
emotional nuance and detail than a 2D dimensional model
with only Valence and Arousal. For example, Scary and
Angry are very close to each one another in terms of Va-
lence and Arousal, yet Scary was significantly increased
with more compression while Angry was relatively unaf-
fected. The results suggest that they are distinctively dif-
ferent emotional characteristics.

Figure 5. BTL scale values and the corresponding 95% confidence intervals for Angry.

Figure 6. BTL scale values and the corresponding 95% confidence intervals for Sad.
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Emotional Category 112Kbps 56Kbps 32Kbps
Happy 1 3 8
Heroic 0 1 7

Romantic 1 0 6
Comic 0 2 5
Calm 2 2 8

Mysterious 0 2 6
Shy 1 0 8

Angry 1 0 1
Scary 0 2 7
Sad 0 1 8
Avg. 0.6 1.3 6.4

Table 1. The number of instruments that were significantly different from the original sound (i.e., the 95% confidence intervals of the original and
compressed sounds did not overlap) for each compression rate and emotional category

Emotional Category Bs Cl Fl Hn Ob Sx Tp Vn Total
Happy 2 3 1 1 2 1 1 1 12
Heroic 1 1 2 0 1 1 1 1 8

Romantic 1 1 1 0 1 1 1 1 7
Comic 1 1 1 1 1 1 1 1 8
Calm 1 2 1 1 2 3 1 1 12

Mysterious 1 0 1 0 2 1 1 1 7
Shy 1 1 1 1 1 2 1 1 9

Angry 0 1 0 0 0 0 0 0 1
Scary 1 1 1 0 1 1 2 1 8
Sad 1 2 1 1 1 1 1 1 9

Total 10 13 10 5 12 12 10 9

Table 2. The number of compressed sounds that were significantly different from the original sound (i.e., the 95% confidence intervals of the original and
compressed sounds did not overlap) for each instrument and emotional category.

Figure 7. The number of significant differences between the original and compressed sounds, where strengthened emotional categories are positive, and
weakened emotional categories are negative.

6. REFERENCES

[1] B. Sisario, “Downloads in Decline as Streamed Music
Soars,” The New York Times (New York edition), p. B3,
July 2014.

[2] T. Eerola, R. Ferrer, and V. Alluri, “Timbre and Af-
fect Dimensions: Evidence from Affect and Similarity
Ratings and Acoustic Correlates of Isolated Instrument
Sounds,” Music Perception: An Interdisciplinary Jour-
nal, vol. 30, no. 1, pp. 49–70, 2012.

[3] B. Wu, A. Horner, and C. Lee, “Musical Timbre and
Emotion: The Identification of Salient Timbral Fea-
tures in Sustained Musical Instrument Tones Equalized
in Attack Time and Spectral Centroid,” in International

Computer Music Conference (ICMC), Athens, Greece,
14-20 Sept 2014, pp. 928–934.

[4] C.-j. Chau, B. Wu, and A. Horner, “Timbre Features
and Music Emotion in Plucked String, Mallet Percus-
sion, and Keyboard Tones,” in International Computer
Music Conference (ICMC), Athens, Greece, 14-20 Sept
2014, pp. 982–989.

[5] B. Wu, C. Lee, and A. Horner, “The Correspondence
of Music Emotion and Timbre in Sustained Musical In-
strument Tones,” Journal of the Audio Engineering So-
ciety, vol. 62, no. 10, pp. 663–675, 2014.

[6] C.-j. Chau, B. Wu, and A. Horner, “The Emotional
Characteristics and Timbre of Nonsustaining Instru-

Proceedings of the International Computer Music Conference 2016 416415

sameria
Text Box
  414



5. DISCUSSION

The goal of our work was to understand how emotional
characteristics of instruments vary with MP3 compression.
Based on the Table 2 and Figure 7, our main findings are
as follows:

1. Negative and neutral emotional characteristics (Sad,
Scary, Shy, and Mysterious) increased with more MP3
compression in the samples we tested (see Figure 7).

2. Positive emotional characteristics (Happy, Heroic,
Romantic, Comic, and Calm) decreased with more
MP3 compression in the samples we tested (see Fig-
ure 7).

3. Angry was relatively unaffected by MP3 compres-
sion for the rates we tested (see Figure 7).

4. MP3 compression affected some instruments more
and others less. The clarinet, oboe, and saxophone
were most affected, and the horn by far the least af-
fected (see Table 2).

As a possible explanation for these results, perhaps quan-
tization jitter introduced into the amplitude envelopes by
MP3 compression decreased positive emotional character-
istics such as Happy and Calm while increasing others such
as Mysterious by changing the quality of sounds to be some-
what different and unnatural. The above results demon-
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ferent emotional characteristics.

Figure 5. BTL scale values and the corresponding 95% confidence intervals for Angry.
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compressed sounds did not overlap) for each instrument and emotional category.

Figure 7. The number of significant differences between the original and compressed sounds, where strengthened emotional categories are positive, and
weakened emotional categories are negative.
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ABSTRACT

Composition as an Evolving Entity envisions a work in  

continuous transformation, never reaching equilibrium, a  

complex dynamic system whose components permanently  

fluctuate and adjust to global changes. The process never  

produces a definitive version, but at any arbitrary point  

in time provides a plausible variant of the work - a trans-

itory being.  Directed Graphs are used to represent the  

structural levels of any composition (vertices) and the re-

lationships between them (edges). By determining adja-

cencies and degrees of vertices and introducing weights  

for  edges,  one  can  define  affinities  and  dependencies.  

Ways in which the all-incidence matrix of a graph with  

weighted edges can evolve are discussed including the  

use  of  Information  Theory.  The  Evolving  Composition  

model is closer to the way composers actually write mu-

sic and refine their output; it also creates the equivalent  

of a live organism, growing, developing, and transform-

ing itself over time.

1. BACKGROUND

The process  of writing a new piece involves  balancing 

elements  of  different  structural  levels  from the  overall 

form of the composition to various sound characteristics. 

In  the  article  “Morphogenetic  Music”  [1],  composer 

Aurel  Stroe  and  his  collaborators  discussed  the  play 

between melody, rhythm, harmony, and phrase length in 

Mozart's  Piano Sonata  in  C Major  K.W.  309 showing 

how unexpected or daring choices at one structural level 

are compensated by blander, more familiar occurrences at 

others.  A related insight is given by Beethoven's sketch-

books that show a constant adjustment, sometimes over 

years, of initial motives [2] and in the works of Charles 

Ives who kept modifying his music after it was published.

   These universal concerns also apply to contemporary 

works and are shared regardless of aesthetics, historical 

moment or style. In electro-acoustic music, readily avail-

able software allows authors to investigate alternatives in 

placing gestures, textures, structural elements, etc. or to 

further  adapt  and  polish  the  sound  materials  after  the 

completion of the project.

1.1 Manifold Compositions 

When a computer-generated piece contains  elements of 

indeterminacy,  multiple  variants  can  be  produced  by 

changing the initial conditions (eg. the random number 

generator's seed).  Randomness may be involved in se-

lecting the order of macro and micro events, in the choice 

of attack times and durations of sounds, of their frequen-

cies,  amplitudes,  spectra,  etc.  or  of  their  environment's 

properties  such  as  location  in  space  and  reverberation. 

Such multiple variants, members of a  manifold composi-

tion,  have  the  same structure  and  are  the  result  of  the 

same process but differ in the way individual events are 

distributed in time: like faces in a crowd, they all share 

basic features but exhibit particular attributes. A manifold 

composition is an equivalence class, a composition class, 

produced by a computer under particular conditions [3]. 

It includes all its actual and virtual variants and requires 

that all of them be equally acceptable.  Manifold compos-

itions follow the example of  Stockhausen (Plus-minus) 

[4], Xenakis (ST pieces) [5] and Koenig (Segmente) [6] 

and extend it: by stipulating the use of a computer and in-

troducing  elements  of  indeterminacy  during  the  act  of 

composing in the case of Stockhausen; by adding more 

constraints in the case of Xenakis and Koenig.

1.2 DISSCO     

The software used in the production of  manifolds, DIS-

SCO provides a seamless approach to composition and 

sound design [7].  An integrated environment, it has three 

major  parts:  LASS, a Library for  Additive Sound Syn-

thesis, which builds sounds from first principles, CMOD, 

or  Composition  MODule,  a  collection  of  methods  for 

composition driving the synthesis engine, and LASSIE, a 

graphic user interface (GUI).

   DISSCO is comprehensive in the sense that it does not 

require the intervention of the user once it starts running. 

This kind of “black box” set of instructions is necessary 

for  preserving  the  integrity  of  manifold production: 

modifying the output or intervening during computations 

would amount to the alteration of  data or of the logic em-

bedded in the software.  Due to an option unavailable on 

other  systems,  the  control  of  the  perceived  loudness,  a 

non-linear function of amplitude [8], post-production in-

terventions become not only unnecessary but also incon-

gruent with the purpose of the enterprise.

 1.3 Indeterminacy    

In DISSCO, randomness is  introduced through uniform 

(flat)  distributions  by  the  RANDOM  method  or  made 

available through envelopes (functions).  A library, EN-

VLIB allows the  composer  to  draw the contour  of  the 
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